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Abstract: We investigate whether workers adjust hours worked in response to windfall gains 

using data from the European Household Panel. The results suggest that unexpected variation 

in income has a negative (although small) effect on working hours. In particular, after 

receiving an unanticipated windfall gain, individuals are more likely to drop out of the labour 

force and the effects become larger as the size of windfall increases. Furthermore, the 

empirical findings show that the impact of windfall gains on labour supply: (i) is more 

important for young and old individuals, (ii) is mostly negative for married individuals with 

young children, (iii) but can be positive for single individuals at the age of around 40 years. 
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1. Introduction 

What is the effect of windfall gains on economic behaviour? A popular belief 

presumes that the majority of people would quit work if they won a lottery. But do windfall 

gains have an impact on individuals‟ working hours? According to the life-cycle model, a 

relaxation or tightening of the consumer‟s intertemporal budget constraint can lead both to 

changes in consumption and to changes in labour supply. Windfall gains represent an 

unanticipated increase in non-earned income and by reducing an agent‟s marginal utility of 

wealth they therefore reduce her incentive to work. 

In this paper, we analyze the linkages between windfall gains and working hours using 

data from the European Community Household Panel Longitudinal Users' Database. We show 

that an unanticipated rise in wealth reduces working hours in accordance with the life-cycle 

model, although the effect is, in general, small. The impact of windfall gains is stronger at the 

external margin, that is, individuals adjust their labour supply primarily by dropping out of the 

labour force, rather than by reducing their work hours conditional on working. 

We also look whether “size matters” with respect to the effects of windfall gains on 

working hours. We assess how households respond to small, medium or large windfall gains. 

We find that the effects become stronger as the size of windfall increases. In particular, men 

receiving a windfall of 50,000 EUR or more, on average reduce labour supply by 1.3 hours 

per week, which is equivalent to a 3.4% reduction in working hours. 

Finally, analysing the effects of windfall gains along various personal characteristics, 

we find that: (i) at younger and older ages, the effect of windfall gains on labour supply is the 

most negative; (ii) for married people and people with young children, the windfall gain leads 

to a stronger decrease in working hours and (iii) for single individuals at the age of around 40, 

the effect can be positive. A potential explanation for the latter empirical finding is in the 

effect of windfall gains on reducing liquidity constraints in capital markets. By doing so, 

windfall gains may encourage people to set up their own business, become self-employed and 

increase their working hours. 

This paper contributes to the literature in following ways. This is the first paper that 

analyses effects of windfall gains on working hours using data for a set of European countries. 

Furthermore, because we include 15 countries in our analysis, the sample of people for which 

we observe windfall gains is large, offering a further empirical advantage to our approach. 

With the panel data set, we observe a rich set of personal characteristics of individuals. This 

gives us an opportunity to better understand the ways that participation and working-hours 

decisions differ between individuals. 
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The remainder of the paper is structured as follows. Section 2 reviews the existing 

literature on the effects of unexpected variation in income. Section 3 describes the data. 

Section 4 presents the theoretical and the econometric approach and Section 5 discusses the 

empirical results. Section 6 concludes. 

 

2. A brief review of the literature 

The launch of the pan-European lottery, Euromillions, in 2004 induced many people to 

fantasize about what they would do if they actually won. Notable wins include prizes of 

around 180 Million EUR which, therefore, reveals the extraordinary importance that a lottery 

may play in people‟s life and behaviour.  

A vast literature has explored the reaction of consumption and savings to exogenous 

changes in income. An early example is Bodkin (1959), who used an unexpected National 

Service Life Insurance dividend paid to veterans of the World War II in 1950. Similarly, 

Brickman et al. (1978) focused on how the income effect affects consumption. More recent 

examples include Imbens et al. (2001), who look at the differences among major-prize 

winners of the Megabucks Lottery in Massachusetts between 1984 and 1988, and Kuhn et al. 

(2008), who analyze the differences in winnings in the Dutch postcode lottery.
1
 

Unexpected variation in income may also affect the level of happiness of individuals.
2
 

Whereas some surveys suggest that money indeed makes people happy (Gardner and Oswald, 

2001), others find only a weak link between unexpected wealth variation and happiness 

(Myers, 1992; Argyle, 2001; Nettle, 2005; Layard, 2005).
3
 

Another dimension of the effects of exogenous changes in income refers to fiscal 

policy and, in particular, the effectiveness of temporary fiscal measures.
4
 In fact, 

understanding the effect of unearned income on labour supply is also of great importance for 

policy makers, as it is at least part of what is needed to evaluate such programs (Joshi et al., 

1996; Kuhn et al., 2008). For instance, Petrongolo and Pissarides (2008) find that strict 

employment protection legislation characterizes well the dynamics of unemployment in 

France, while fixed-term contracts contribute significantly to the dynamics of unemployment 

in Spain. Manning (2009) shows that changes in the welfare support for the unemployed can 

impact on the labour market, by reducing their search activity.  

                                                 
1
 Some recent studies have also used exogenous variation to analyze neighbourhood and peer effects on 

individuals (Sacerdote, 2001; Katz et al., 2001; Kling et al., 2005; Ludwig et al., 2001; Kuhn et al., 2008). 
2
 For discussions of this question, see, for example, Easterlin (1974) and Martin (1995). 

3
 Lindahl (2005) shows that higher income from a monetary lottery prize generates good health. 

4
 For a revision of the major developments in labour market theory and their policy implications, see, for 

instance, Manning (1995). 
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In addition to the potential effects of income shocks on consumption and savings or on 

the level of happiness, a popular belief presumes that the majority of people would quit work 

if they won a lottery. But do individuals who win continue to work, and if so, why? While the 

literature on the empirical and theoretical inter-temporal substitution effects in labour supply 

is well established (Heckman and MaCurdy, 1980; Altonji, 1986), the research on the effects 

of capital gains is still somewhat insipient (Henley, 2004), despite the fact that lottery 

winnings are a source of exogenous variation in income (Altonji, 1986).  

In the US, Kaplan (1988) show that the level of education and the type of profession 

can help explain the percentages of winners who choose to continue to work.
5
 Holtz-Eakin et 

al. (1993) and Imbens et al. (2001) find that windfall gains lead to a reduction in working 

hours or even a withdrawal from the labour force. In contrast, Joulfaian and Wilhelm (1994) 

suggest at most a small (although significant) effect for married women and men. Hirschfeld 

and Field (2000) use the proposition of work centrality, that is, the degree of importance that 

working has in one's life at any given time to explain why lotteries may have a limited impact. 

In Europe, Blanchflower and Oswald (1998), Taylor (2001), using UK data, and Lindh 

and Ohlsson (1996), based on evidence for Sweden, report a positive effect of windfall gains 

(inheritance and lottery wins) on the probability of entering self-employment. Henley (2004) 

analyzes the impact of both windfall financial gains and house price shocks on hours worked, 

and suggests that there are significant substitution effects, in particular, in response to house 

price shocks. 

 

3. Data and descriptive statistics 

3.1 Data 

The data is obtained from the European Community Household Panel Longitudinal 

Users' Database (ECHP henceforth). This is a large panel data set that contains household-

level and person-level information over time, covering eight survey years from 1994 to 2001.
6
 

The data includes 15 EU countries: Germany, Denmark, The Netherlands, Belgium, 

Luxembourg, France, United Kingdom, Ireland, Italy, Greece, Spain, Portugal, Austria, 

                                                 
5
 Note that the education level can also be a proxy for a worker‟s skill. In this context, Portela (2001) proposes 

an index of skill that takes into account different dimensions, namely, schooling, labor market experience and 

unobservable ability. 
6
 Azmat et al. (2006) also use the European Community Household Panel Survey, but in the context of analyzing 

the large gender gap in unemployment rates. Notably, the authors show that interactions between the differences 

in human capital accumulation by gender and labor market institutions play a major role. In a similar context, 

Joshi et al. (2007) argue that women‟s education and experience rather than a movement towards equal treatment 

play a special role in gender pay differences. Mumford and Smith (2007, 2009) find that the gender earnings gap 

can also be largely explained by the workplace in which the employee works. 
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Finland and Sweden. It is an unbalanced panel with a maximum length of 8 years for each 

individual. 

In what follows, the analysis is done at the individual level, rather than at the level of 

households, with age restricted to 25-60 years. This age band is chosen to avoid complications 

that arise due to education and retirement choices. The data on incomes and wages are 

converted using PPP in order to allow for comparisons across countries and over time.  

The question of interest relates to the effects of unanticipated windfall gains on labour 

supply. Working hours are described by the ECHP variable PE005: Total number of hours 

working per week (in main + additional jobs). In the data, this variable is only available for 

employed workers. However, we set hours worked to zero for all unemployed individuals and 

those out of the labour force. 

The variable that measures windfall gains is the ECHP variable HF017: Inherit, 

receive gift or lottery winnings worth 2000 EURO or more. It is the response to a following 

survey question: “During (… year prior to the survey …), did anyone in the household inherit 

any property or capital, or receive a gift or lottery winnings, worth 2000 EURO or more?”. 

Observations for which the information on the windfall receipt is missing are discarded. 

One major drawback of this variable is that it does not provide information about the 

exact amount of the windfall gain. However, it can be complemented by the variable HF018: 

Amount of the inheritance, gift or lottery winnings. This variable offers three brackets for the 

windfall gains: less than 10,000 EURO, more than 10,000 EURO but less than 50,000 EURO 

and 50,000 EURO or more. We label the three brackets for windfall gains as “small”, 

“medium” and “large”, respectively. 

These two variables hence give information on the size of windfall gains received by 

individuals. Nevertheless, given that they are reported in categorical terms, one cannot 

convert them into PPP terms. As a result, they are not perfectly comparable across countries 

and over time. Another weakness is that both variables are reported at the household level. 

Consequently, there is no way to identify which household member was the actual recipient of 

the windfall gain.
7
 

                                                 
7
 It should be noted, however, that an indicator for a windfall gain is, to some degree, a personal characteristic. 

For example, in cases where individuals change households (i.e. get married) and they receive windfall gains 

only after they have moved to a new household, they are recorded as recipients of windfall gains together with 

their partner. Naturally, individuals from the initial household have not received any windfall gains. Should the 

individual move households again with a new partner, for example, then he would still be recorded as a recipient 

of windfall gains, but his new partner would not. 
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It is important to emphasise that the variable measuring windfall gains is recorded for 

the “year prior to the survey”.
8
 Notwithstanding this, we did not decide to adjust the timing of 

the variable. First, a substantial fraction of the data (that is, 19% of person-year observations) 

would be lost by lagging the windfall gains variable by one period. Second, leaving the 

variable as it is, we can be sure that at the time of the interview in the time period t, an 

individual knows whether she has received windfall gains or not. On the contrary, if we 

lagged windfall gains variable by one period, to t-1, we would not know for sure whether at 

the time of the interview at t-1 the individual had already received the windfall gains or not.
9
 

Furthermore, in practice individuals take a bit of time before they react to new economic 

information. Therefore, it seems more appropriate not to lag the windfall gains variable back 

by one period. 

In Table 1, we report the number of individuals in the sample and the number of times 

they received windfall gains. Only those individuals who were observed at least twice are 

included. To ease discussion, we label people that have received windfall gains as “winners” 

and the rest as “non-winners”. There are 100,289 individuals in the sample, and most of them 

(88.4%) never received any inheritance, gift or lottery winnings of more than 2000 EUR. In 

addition, 8,824 individuals (or a fraction of 8.8%) received windfall gains only once, and 

about 2% of individuals received windfall gains twice. 

 

[ PLACE TABLE 1 HERE. ] 

 

For the purpose of the analysis, the most important group is the one with 8,824 

individuals who received windfall gains only once, as in the regression analysis it is not 

straightforward to deal with individuals who received windfall gains more than once. Most of 

the empirical analysis will therefore be based on that group. Compared to similar research 

done by other authors, this is quite a large sample and represents one of the advantages of 

using the ECHP dataset.
10

  

                                                 
8
 Similarly, income variables are also recorded for “year prior to the survey”. On the other hand, net monthly 

wage and other variables are recorded for “the time of the interview”. 
9
 How much information the individual possesses at the time of the interview of course depends on the relative 

timings of windfall gains and survey interview, but on average there is a 50% chance that the individual had 

already received the windfall gains. 
10

 For instance, Imbens et al. (2001) have about 237 winners, Joulfaian and Wilhelm (1994) have 439 heirs in 

their sample, Holtz-Eakin (1993) have 2,700 married couples and 1632 individuals in their sample, and Henley 

(2004) has around 5,400 men and women included. 
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In Table 2, we report the number of individuals by size of windfall gains received. 

There are 4,172 (48.8%) observed individuals with small windfall gains, 3,353 (39.2%) with 

medium windfall gains, and 1,023 (12.0%) individuals with large windfall gains. 

 

[ PLACE TABLE 2 HERE. ] 

 

3.2 Descriptive statistics 

In this sub-section, we analyse differences in personal characteristics between winners 

and non-winners prior to the receipt of windfall gains, and differences among winners of 

windfall gains of different sizes (i.e. small versus large winners). We also compare the means 

of variables before and after the receipt of windfall gains.  

Table 3 reports the means and number of observations for selected variables, 

comparing winners, (columns (1) and (2)) and non-winners (columns (3) and (4)). Column (5) 

reports the p-value of the test for differences in means between winners and non-winners. The 

reported statistics refer to one year before the receipt of windfall, which, on average, 

corresponds to a third year in the sample for winners. Therefore, for non-winners we report 

the means of the variables in the third year in the sample.  

Among the 18 variables reported, only three (the number of children in the household, 

the percentage of women and the percentage of those who are married) have differences that 

are not statistically significant.
11

 Otherwise, winners tend to be older and they live in slightly 

smaller households, but for these two variable differences are small. For the rest of the 

variables, the differences are large and important.  

Winners are more educated; the share of individuals with post secondary education is 

29% for winners and 18% for non-winners; winners are 7 percentage points more likely to be 

employed than non-winners. According to income variables, winners have higher incomes 

and wages even before windfall gains. By all measures of income (total income, income from 

working and non-work income), winners are better off than non-winners: the personal total 

income of winners is about 29% higher and hourly wage
12

 is 13% higher. Higher income is 

                                                 
11

 Interestingly, Joshi et al. (1996) show that the presence of children reduces full-time emplyment among 

women. Similarly, Joshi (1998) highlights the impact of child-rearing on women‟s time use.  
12

 Hourly wage is a measure of offered wages in the labour market. Reported data is in purchasing power parity 

units in order to be comparable across countries. Hourly wage is calculated from net monthly wage given in the 

data, divided by weekly working hours times 4.33 to correct for the average number of weeks in one month. All 

hourly wages lower than 1 euro or higher than 100 euros are put to missing. Wages of people who do not work 

or wages otherwise missing are then imputed. For those individuals of which wage information is available in 

some periods but not in others, the average wage of the individual is imputed in other periods. Other wages are 
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partly a consequence of the fact that winners, on average, work more hours per week and they 

are more likely to be employed. They are also more educated and thus have higher hourly 

wage. However, another potential reason for the difference in incomes lays also in the fact 

that our measure of windfall gains includes gifts and inheritances. It can then be the case that 

people from better family backgrounds are more likely to receive (large) gifts or inheritances, 

which is reflected in our data. Family background is of course a fixed effect and will 

eventually drop out of the analysis when data will be analysed using our econometric 

methodology. 

The observed differences between winners and non-winners from Table 3 could of 

course reflect simply differences across countries. If there was a country with above average 

number of winners, and also with above average incomes, this would make winners, in a 

spurious fashion, appear to have higher incomes in the full sample. Data show that in most 

countries, between 87% and 96% of the sample is comprised of non-winners. However, four 

countries (Denmark, the Netherlands, Finland and Belgium) have a lower percentage of non-

winners, but when we checked differences in means after excluding these four countries, the 

magnitudes and conclusions were similar. Therefore, we conclude that the differences 

reported in Table 3 reflect genuine differences between winners and non-winners. 

 

[ PLACE TABLE 3 HERE. ] 

 

In Table 4, we turn to comparisons of personal characteristics among winners of small, 

medium and large windfall gains. We report means and number of observations one period 

prior to the receipt of windfall. Columns (7) – (9) report p-values from testing the null 

hypothesis of no differences in means between groups.  

No statistically significant differences between winners of windfall gains of different 

sizes are found for household size, number of adults, number of children in household, 

percentage of females, marital status, and employment status. On the other hand, there are 

statistically significant differences in age and education: the group with small windfall gains 

is significantly younger than the other two groups (i.e. 41.4 years compared to 42.5 and 42.8 

years for medium and large windfall gains groups, respectively); the group of large winners is 

also more educated (37% of large winners have education beyond the secondary level, while 

only 27% of small winners and 28% of medium winners have education of such level). 

                                                                                                                                                         
imputed using a regression equation separately for men and women using age, age squared, married dummy, two 

education dummies and wave and country dummies as regressors. 
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There are also large and highly significant differences in incomes between the three 

groups; the larger the windfall gains, the higher the income. Such differences in incomes and 

education can again be explained with family characteristics. If people with higher education 

and household incomes tend to be from families of better background, then this may be 

reflected in higher inheritances or gifts. However, this will be controlled for by fixed effects 

in our estimation. 

 

[ PLACE TABLE 4 HERE. ] 

 

Finally, in Table 5, we compare the means of personal characteristics before and after 

the receipt of windfall gains. “Before” stands for one period prior to windfall and “after” 

stands for one period after the windfall. Intuitively, we would expect non-work income to 

increase from the period before to the period after the receipt of windfall gains. However, this 

is not necessarily the case, because, strictly speaking, windfall gains bring a one-off increase 

in non-work income that lasts only for one period. Nevertheless, it is possible that individuals 

save or invest part of their unanticipated gains and start earning interest, which may increase 

their non-work income also in subsequent periods. According to the life-cycle theory of 

labour supply, the receipt of an unexpected windfall should also reduce working hours and 

employment of the winners. 

Consider first the top panel of Table 5, where differences for the whole sample are 

reported. Only two variables are (marginally) significantly different between the two periods: 

total household income is slightly higher after the receipt of windfall gains at a 10% 

significance level and household non-work income is higher at a 6% significance level and 

personal hourly wage is higher at 7% significance. Weekly hours worked show no difference 

in the two periods. Looking at the group with small windfall gains, changes in none of the 

variables are statistically significant from one period to another, except for the hourly wage, 

which tends to be higher after the receipt of windfall gains. The percentage of employed 

people and weekly working hours both slightly decrease, but the differences are not 

significantly different from zero. In the case of individuals who received medium windfall 

gains, there is a statistically significant rise in the household income from working, in the 

unearned household income and in the personal unearned income. Interestingly, the share of 

employed people and weekly working hours show a slight increase, although the differences 

are not significant. Finally, for the group with large windfall gains, household total income (at 

a 1% significance level), household income from working (at a 9% significance level) and 
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personal total income (at a 9% significance level) all rise from one period to another. 

Employment and working hours slightly decrease, but the differences are not statistically 

significant. 

 

[ PLACE TABLE 5 HERE. ] 

 

3.3 Non-work income and working hours over time 

In this sub-section, we show the evolution of unearned income and working hours over 

time. From the previous analysis, windfall gains do not seem to have strong effects on income 

or on labour supply, since differences over time, before and after the windfall gains, are 

mostly not statistically significant. Hence, one could ask whether the windfall gains variable 

is a correct measure. For this reason, Figure 1 depicts the average (household and personal) 

non-work income over time. The time period “0” refers to a time of windfall gains receipt. 

Since the maximum number of periods for an individual in the sample is eight, the graph is 

plotted only for five years prior and five years after the receipt of windfall gains. Moving 

further away from the point of receipt would make the sample size become very small. From 

Figure 1, it can be seen that the variable windfall gains is meaningful and informative. Indeed 

there is a positive blip in both household and personal non-work income at the time of receipt. 

After that, non-work income returns to its upward trend. 

 

[ PLACE FIGURE 1 HERE. ] 

 

Figure 2 displays household income over time by size of windfall gains. Due to 

limitations in the sample size, we put the large windfall gains and the medium windfall gains 

groups into a single category. Non-work household income of the medium/large group is, in 

general, higher than for the small group. The discrete jump in income in the period the 

windfall gains are received is still visible for both groups, and, as expected, is larger for the 

group that receives medium/large gains. 

 

[ PLACE FIGURE 2 HERE. ] 

 

Next, we turn to the evolution of weekly working hours (Figure 3 and Figure 4). 

Figure 3 shows that the positive trend in average weekly working hours is reversed after the 

receipt of windfall gains. Similar information is conveyed by Figure 4, where we split the 
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sample between those who receive small windfall gains and those who receive either medium 

or large windfall gains. Whereas the evolution of working hours for the small group seems to 

be more or less unchanged, the downward trend after windfall gains for medium/large group 

is more apparent. This is consistent with the hypothesis that, after receiving windfall gains, 

individuals adjust their labour supply downwards. Of course, this is a very crude method of 

relating working hours to windfall gains and in the analysis that follows we will proceed with 

the regression analysis. 

 

[ PLACE FIGURE 3 HERE. ] 

 

[ PLACE FIGURE 4 HERE. ] 

 

4. Theory and econometric approach 

4.1 The impact of windfalls on working hours: A theoretical illustration 

Consider a representative consumer who chooses consumption, Ct, and leisure hours, 

Lt, in order to maximize lifetime utility 
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where U represents the utility function in time period t that is separable in consumption and 

leisure, Nt denotes hours worked equal to L
*
 (a fixed time endowment) minus Lt, A0 refers to 

initial assets, Wt is the hourly wage rate, Rt is the discount rate, 




t

i
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1

)1(1 , where r is the real 

rate of interest, and   is the rate of time preference. 

Following MaCurdy (1981), we assume that U has the following form for individual i 

at time t 

 

21

21),(
  ititititititi NCLCU          (3) 



12 

 

 

where 1  and 2  are „taste-shifters‟ which depend on consumer i‟s preferences at t, 0 < 1  < 

1 and 2  > 1.  

If we consider an interior optimum (that is, for Nit > 0), the logarithm of the labour 

supply function for a given marginal utility of wealth can be expressed as  

 

)log))1(log(loglog(log)1(log 22

1

2 it

t

tititit WRN    .                 (4) 

 

where  denotes the marginal utility of wealth. 

We assume that „tastes‟ for work are randomly distributed according to the 

relationship *

2log itiitit uX    where Xit denotes the set of observable determinants of 

consumer‟s tastes, i  represents the unobserved permanent component of consumer‟s 

characteristics and *

itu  a time-varying random component with zero mean. 

Assuming a constant real interest rate, replacing the distribution for „tastes for work‟ 

in equation (4) and using approximation xx  )1log( , we can simplify the labour supply 

function as 

 

ititititiit uXWtrN   loglog)()log(log 2                       (5)  

 

where 1

2 )1(   , and .*

itit uu   

Following Altonji (1986) and Joulfaian and Wilhelm (1994), we assume that the 

marginal utility of wealth evolves as 

 

ititit a   1loglog                                                      (6) 

 

where it  represents the forecast error of the marginal utility for next period and a is a 

parameter determined by the discount factor, the interest rates, and the distribution of the 

forecast error. We approximate 1it  by  

 

iitiit GEZ    ))(log(log 11                                          (7) 
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where Z represents the family background characteristics and the effect of the expected 

lifetime wage profile on the marginal utility, Et-1[Gi] denotes the expected present value of the 

capital gain (loss), including for example potential inheritance and other windfall gains, and 

i  captures any individual unobserved time invariant heterogeneity in marginal utility of 

wealth. Combining equations (6) and (7) and plugging into equation (5), we obtain the 

following labour supply representation: 

 

.log

)()log())(log()(log 21

itititit

itiiiit

uXW

traGEZN


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      (8) 

 

It is clear from the first and the second term on the RHS of (8) that that labour supply 

response should be estimated using fixed effects estimation. Thus one eliminates the need to 

explicitly control for family background and also removes any potential biases due to i . 

When the capital gain is fully unanticipated (that is, Et-1[Gi]=0), capital gains affect 

labour supply only via the forecast error, it . Assuming that the forecast error is a proportion 

  of the actual capital gain, that is, itit G  , where   < 0, then labour supply response will 

be  , which is negative. 

However, when the capital gain is fully anticipated (that is, iit GGE  )(1  and 0it ),  

then capital gains will exert their effects on labour supply by  . Given that marginal utility 

would have lowered before the time period in question, there would be no further adjustment 

at the time of inheritance. Therefore, the unanticipated windfall gains reduce the marginal 

utility of wealth, and thus reduce labour supply. 

 

4.2 The impact of windfalls on working hours: the econometric specification 

Despite the large literature concerned with estimating the impact of unearned income 

on labour supply, the use of an exogenous measure of income variation is not consensual. As 

a result, different approaches have been considered, namely: (i) the capital income or spousal-

labour earnings as variables measuring unearned income (Imbens et al., 2001); (ii) 

experimental data with exogenous components of unearned income (Rees, 1974; Pencavel, 

1986); and (iii) natural experiments in which large amounts of money were allocated using 

distribution rules that were independent of preferences and other determinants of economic 

behaviour (Bodkin, 1959; Kreinin, 1961; Holtz-Eakin et al., 1993).   
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We start by looking at whether the windfall gain affects the probability of being 

employed, and estimate the following linear probability model 

 

  cc=1)Prob(E 3210i0it itititit XcWcWindfallc                               (9) 

 

for i = 1, …, N, t = 1, …, T, where Eit is a dummy variable that takes the value of 1 if 

individual i is employed or 0 otherwise, Windfallit is our variable of interest and takes the 

value of 1 if the household has received a windfall gain or 0 otherwise, Wit denotes the hourly 

wage, Xit represents a set of controls for age, civil status and family characteristics, 0ic  is 

individual fixed effect and  it is an i.i.d. error term. 

In order to assess the effect of unexpected capital gains on working hours, we estimate 

the empirical counter-part of Equation (8) as described by 

 

  cc=H 3210i0it itititit XcWcWindfallc                             (10)  

 

for i = 1, …, N, t = 1, …, T, where Hit stands for weekly working hours of household i in year 

t. 

Taking into account that the impact of windfalls on labour supply differs for different 

amounts of unanticipated gains, we also disaggregate the Windfall dummy into three different 

categories: (i) Small Windfall, in the case of capital gains between 2,000 and 10,000 EUR; (ii) 

Medium Windfall, for capital gains between 10,000 and 50,000 EUR; and (iii) Large Windfall, 

when the capital gain exceeds 50,000 EUR. Then, we consider the model:  
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for i = 1, …, N, t = 1, …, T. 

Finally, we look at whether the effect of the windfall varies with different personal 

characteristics. Therefore, we interact the regressors with the Windfall dummy and estimate 

the following model: 

 

 )1()1(cc=H 3210i0it itititititit WindfallXcWindfallWcWindfallc     (12)  
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for i = 1, …, N,  t = 1, …, T. 

The estimation of the above models is complicated by the potential endogeneity of the 

wage term on the right-hand side.
13

 Altonji (1986) emphasizes that current labour supply 

depends on all past and expected future wage rates and that it is important to control for 

permanent differences in wages across individuals.  

Consequently, we assess the robustness of the results using both the fixed effects (FE) 

estimator and the fixed effects instrumental variable (FEIV) estimator. In the IV regressions, 

we follow Joulfaian and Wilhelm (1994) and Henley (2004) and instrument log hourly wages 

using conventional earnings-function control variables, namely, two dummies for education, 

interactions between education dummies and a quadratic in age, as well as country-year 

dummies. 

 

5. Empirical results 

5.1 The effects of windfall gains on working hours 

In this and subsequent sub-sections, we analyse the effect of windfall gains on 

working hours. According to the empirical specification of the theoretical model presented 

above, we use the fixed effects estimation, thus controlling for family background and other 

time-invariant personal characteristics. Windfall gains are measured using a dummy variable 

that takes a value of 1 in the period of windfall receipt and after, and 0 in periods prior to 

windfall gains. This is in line with the life-cycle model of labour supply where after an 

unanticipated shock in personal wealth, an individual adjusts her whole labour-supply profile. 

In all specifications we include the following set of regressors: the dummy variable for 

the windfall gain, age, age squared, a dummy for married status and two dummy variables 

indicating whether there are any children aged 0-6 or 7-15 in the household. We focus on 

three main specifications, each of them being estimated for the full sample (Table 6), and then 

separately for men (Table 7) and for women (Table 8). 

 

[ PLACE TABLE 6 HERE. ] 

 

The first specification (column (1)) analyses the effects of windfall gains on the 

probability of being employed. According to the theory, after receiving unanticipated windfall 

                                                 
13

 Pencavel (1986) also highlights the endogeneity of nonwage income. In the context of our framework we 

consider windfall gains as unanticipated and exogenous. 
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gains, individuals are more likely to drop out of the labour force and use windfall gains to 

enjoy more leisure. Such behaviour is reported in Holtz-Eakin et al. (1993), who find a 

negative effect of unanticipated inheritances on participation in the labour market. As a 

dependent variable we use a dummy variable indicating whether or not an individual is 

employed.
14

 Normally, probit specification would be used to analyse this; however, due to 

inconsistency of probit regression in settings with fixed effects, we use a linear probability 

model instead.
15

 

The second specification (column (2)) uses working hours per week as a dependent 

variable. In this case we include all individuals who ever received windfall gains no matter 

whether they participate in the labour force in any particular period or not. That is, working 

hours can take any positive value, but they can also be zero. The second specification thus 

covers both external and internal margins of adjustment of labour supply to windfall gains
16

. 

In addition to the standard controls on the right hand side, this specification also includes a 

measure of hourly wage. As the hourly wage is computed from monthly wages and weekly 

working hours, it is endogenous. Consequently, we also report the results from an 

instrumental variables estimation (column (3)). Here we overcome the endogeneity problem 

by using two dummies for education, interactions of education dummies with quartic in age, 

as well as country-year dummies as instruments for hourly wage. 

Finally, in the third specification (column (4)), we express working hours and wages in 

logs. As a consequence, only person-year observations with positive working hours and 

positive wages are included. This specification is closest to the theoretical approach based on 

the interior solution of the life-cycle optimisation problem derived in section 4.1. From an 

econometric perspective, however, one should note that a potential problem in this context 

stems from the fact that when receiving windfall gains individuals may decide to reduce their 

working effort either by reducing working hours or by dropping out of the labour force, which 

can generate a selection bias problem. We present the results both from the fixed effect setting 

(column (4)) and the instrumental variable estimation with fixed effects (column (5)). 

Table 6 summarizes the findings for the effects of windfall gains on working hours 

using the whole sample. The empirical evidence is not supportive of theoretical prediction of 

the life-cycle model that an unanticipated rise in wealth reduces an individual‟s working hours 

                                                 
14

 In our sample, about 25% of people change their employment status at least once. 
15

 In all cases in the paper where we estimated the linear probability model we also checked the results using 

logit specification with fixed effects. Results were very similar with the same conclusions. 
16

 Due to the number of zeroes on the left hand side, we estimated this specification also using the Tobit with 

fixed effects estimator from Honore (1992). The results were again very similar and conclusions would be the 

same. 
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via a reduction in the marginal utility of wealth, in particular, the coefficients of the windfall 

gains dummy are not statistically significant. On the other hand, most coefficients of the other 

control variables have the expected signs and magnitudes and are statistically significant: (i) 

age has a nonlinear, inverted “U” shaped effect on labour supply; (ii) being married tends to 

increase labour supply; and (iii) having children reduces it. Only hourly wage has a surprising 

negative effect on working hours, which is reduced after using instrumental variables 

estimation, but it nevertheless remains negative and significant.
17

 

Table 7 reports the results for the sample consisting of men. Again, the coefficients of 

the windfall gains dummy are not statistically significant. Nevertheless, they are negative, 

which is in accordance with the theoretical formulation of the life-cycle model. Other controls 

have coefficients of sensible signs and magnitudes and, in particular, one can see that being 

married increases men‟s labour supply. 

 

[ PLACE TABLE 7 HERE. ] 

 

Table 8 shows the results for the sample consisting of women. Again, in all five 

specifications, the effects of windfall gains are not statistically significant and are close to 

zero. These findings are therefore in line with Imbens et al. (2001), who show that the 

reaction of people to non-earned income does not differ significantly between men and 

women. Interestingly and in contrast with the results for men, there is an indication that being 

married reduces women‟s labour supply. 

 

[ PLACE TABLE 8 HERE. ] 

 

So far we have found no supportive evidence that the receipt of unanticipated windfall 

gains has a significant and negative impact on labour supply. This finding however could 

either reflect that these effects are non-existent, or that they are very small and not well 

captured in the data. In fact, other researchers have reported that unanticipated windfall gains 

(inheritances, financial wealth, housing prices) have, at most, a small impact on labour 

supply, which in many cases are only marginally statistically significant (Holtz-Eakin, 1993; 

                                                 
17

 This is perhaps due to the income effect being stronger than the substitution effect, although empirically this 

remains an unresolved issue. All regressions reported in the chapter have also been run using net monthly wage 

instead. In this case, the coefficient on the wage variable was always positive in both the OLS and instrumental 

variables specifications. However, the coefficients on the other variables and the conclusions regarding the 

effects of windfall gains were very similar to the results from the specifications which included the hourly wage. 
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Joulfaian and Wilhelm, 1994; Henley, 2004). Another possible explanation for the small and 

not statistically significant results may lay in the fact that the windfall gains dummy used so 

far does not contain enough information. This is because it simply indicates whether an 

individual has received a windfall gain or not, no matter what the size of the gain was. 

Therefore, in the next sub-section, we split the windfall dummy into three groups: small, 

medium and large. 

 

5.2 The effects of small, medium and large windfall gains 

We now introduce into the regression three dummies representing the size of windfall 

gains that individuals receive: small (less than 10,000 EURO), medium (more than 10,000 

EURO but less than 50,000 EURO) and large (50,000 EURO or more). The benchmark for 

comparison is the time before the windfall gains are received. For example, the small windfall 

gains dummy tells us by how much working hours decrease (or increase), on average, due to 

the windfall gain in comparison to the situation where the windfall gain has not yet been 

received. According to the theory, the higher the unanticipated windfall gain, the stronger the 

effect on the marginal utility of wealth and the more negative we expect the effect on labour 

supply to be. Therefore, we expect the effect of the large windfall gains dummy to be negative 

and largest in absolute value. 

We report the results separately for the whole sample, for men and for women, in 

Table 9, Table 10 and Table 11, respectively. 

Column (1) of Table 9 suggests that windfall gains have a negative effect on the 

probability of being employed. Despite not being statistically significant for small and 

medium windfall gains, the coefficient associated with large windfall gains is negative and 

statistically significant. This lends some empirical support to the idea that after receiving large 

windfall gains, individuals are more likely to drop out of the labour force. As for the other 

specifications (columns (2) - (5)), the results are not statistically significant, although large 

windfall gains tend to have the most negative impact on labour supply. 

 

[ PLACE TABLE 9 HERE. ] 

 

Table 10 displays the results for the sample of men. In all five specifications, not only 

is the coefficient of large windfall gains the most negative, but it is also statistically 

significant in all cases. Column (1) indicates that receiving large unanticipated windfall gains 

induces some men to leave the labour force. Similarly, in specifications with working hours 
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on the left hand side (columns (2) – (5)) there is a statistically significant and negative effect 

of large windfall gains on working hours. 

Column (2) captures both external and internal margins of adjustment: on average, 

receiving an unanticipated windfall gain of 50,000 EUR or more reduces the labour supply of 

men by 1.3 hours per week. Since average working hours for men in the sample are equal to 

39.2 hours per week, this represents on average a 3.4% reduction in working hours. In column 

(4), where only the internal margin is considered, the evidence suggests that the large windfall 

gains reduce working hours by 2.1%. Since only the adjustment of working hours conditional 

on working is taken into account, the effect is plausibly smaller. 

 

[ PLACE TABLE 10 HERE. ] 

 

The results for women in Table 11, on the other hand, are not supportive of the idea 

that windfall gains reduce labour supply. None of the coefficients on windfall gains dummies 

are statistically significant, and many of them are nonnegative. In light of the fact that women 

are usually considered as being less attached to the labour market than men, this result is 

surprising. One would indeed expect the effect of windfall gains to be stronger and more 

negative for women. For instance, Henley (2004) finds a significant adjustment in hours 

worked to unanticipated financial gains for both men and women, but the largest impact 

occurs for women. In addition, the author shows that while men seem to make a (positive) 

adjustment in hours to housing losses but not a (negative) adjustment to gains, for women the 

reverse is true. On the other hand, Imbens et al. (2001) estimate the marginal propensity to 

earn out of unearned income and find that it does not differ significantly between men and 

women. Joulfaian and Wilhelm (1994) also show that the hours‟ reduction by married women 

is of the same order of magnitude as men's. 

 

[ PLACE TABLE 11 HERE. ] 

 

A potential reason why the effects do not come through very strongly in the analysis 

above is due to heterogeneity in the effects of windfall gains. The effects of windfall gains 

may possibly depend on personal characteristics in an important way, so that the impact 

cancels out across different individuals. For example, an old worker may retire from the 

labour market after receiving the windfall gain, whereas a young employed worker may use it 

as a starting capital for a new business, become self-employed and increase his labour 
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supply.
18

 In order to assess the potential heterogeneity in the effects of windfall gains, in the 

next sub-section we interact the windfall gains dummy with several personal characteristics. 

 

5.3 The effects of windfall gains and interactions 

In order to see whether the effects of unanticipated positive wealth shocks differ with 

respect to personal characteristics, we interact the windfall gains dummy with the other 

regressors. As discussed above, if the effects of windfall gains depend on personal 

characteristics and if, in addition, they cancel each other out across individuals, then this 

would explain why in the previous regressions the effects were small and often not 

statistically significant. 

In Table 12 we report the results for the whole sample. Note that the coefficient in 

front of the windfall gain dummy alone simply represents the effect of windfall gains when all 

other controls are set to zero. In most cases, the coefficients of the interaction terms are 

statistically significant. Column (1) displays the results for the probability of being employed. 

Looking at the interactions, age has a “U“ shaped curve effect: at younger and older ages, the 

effect of windfall gains on participation is the most negative. This is in line with evidence 

reported by Holtz-Eakin (1993) and Imbens et al. (2001). 

Being married also makes the negative effect of windfall gains on participation 

stronger. Thus, married people are more likely to reduce their labour supply. One possible 

explanation for this is that married people have less to worry about their income situation, as 

they have a partner who usually earns an income. Such behaviour can also be explained with a 

social multiplier (Glaeser et al., 2003). If people like to spend leisure in groups, then they are 

more likely to consume leisure when they have someone to spend the leisure with. 

In Columns (2) and (3) where total working hours are used as a dependent variable, 

results are similar: (i) there is an indication of a non-linear effect of age; (ii) being married 

makes the effect of windfall gains more negative; and (iii) similarly, having children of age 0-

6 leads to a larger decrease in working hours, indicating that parents of young children do not 

drop out of the labour force after receiving windfall gains, but they seek shorter working 

hours. Columns (4) and (5) show the results for the sample with positive hours worked. They 

confirm that being married and having small children makes the effect of windfall gains more 

negative. 
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 Lindh and Ohlsson (1996) and Taylor (2001) find empirical evidence of such behaviour. The authors argue 

that windfall gains can contribute to the relaxation of the liquidity constraints in capital markets and they find 

evidence that windfall gains increase the probability of becoming self-employed. 
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[ PLACE TABLE 12 HERE. ] 

 

Table 13 reports the empirical findings for the sample of men. In Columns (1), (2) and 

(3), one can see that if they are of younger or older age, have young children or are married, 

then windfall gains reduce the probability of being employed. However, when we take away 

the adjustment along the external margin (columns (4) and (5)), the effects largely become not 

statistically significant, except for the effects of having young children. 

 

[ PLACE TABLE 13 HERE. ] 

 

Table 14 provides similar findings for women. In Column (1), where the probability of 

being employed is explored, there is a “U" shaped effect of age and a statistically significant 

negative effect of being married. The coefficients on the interactions of children dummies 

with windfall gains are not statistically significant. In the regressions with working hours on 

the left hand side (columns (2) and (3)) the results show that women with young children tend 

to reduce working hours after the receipt of windfall gains. Columns (4) and (5) also confirm 

this finding. 

 

[ PLACE TABLE 14 HERE. ] 

 

In order to obtain a better understanding of the heterogeneity in the effects of windfall 

gains and how they depend on personal characteristics, Table 15 reports the predicted effects 

of windfall gains on labour supply by various types of individuals. We compute the effects of 

windfall gains for 8 hypothetical types of individuals. We start by choosing four different age 

groups: 25, 30, 40 or 55 years. We assume that: (i) individuals of age 25 can only be single 

and have no children; (ii) individuals of age 30 are either single with no children, or married 

with one child of age 0-6, (iii) individuals of age 40 can be single without children, married 

without children, or married with one child of age 0-6 and one child of age 7-15; (iv) 

individuals of age 55 can either be single or married, but they do not have any young children. 

In those specifications where hourly wage is one of the regressors, predicted effects 

are computed at the mean wage in the sample.  Specification (1) represents effects from 

participation regressions, specification (2) reports the FE IV regressions with working hours 
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per week on the left hand side,
19

 and specification (3) reports effects from FE IV regressions 

with log working hours as the dependent variable. In brackets we also report p-values from 

the Wald test of whether the computed predicted effects are statistically different from zero. 

For young single people who have no children (first row of Table 15), receiving 

windfall gains reduces the probability of participating in the labour force. This can be seen, 

for example, in column (1), where the coefficient is -0.021. A possible explanation for this 

finding is that after winning an unanticipated windfall young people may decide to prolong 

their education and finance it with the money they have won. However, as specification (3) 

suggests, conditional on being employed, windfall gains increase the labour supply of young 

people, perhaps inducing young people to become self-employed and work more. 

For individuals of age 30 and with no children, there is a positive effect of windfall 

gains on the probability of participating in the labour market and also on working hours 

conditional on working. On the other hand, for individuals of the same age who are married 

and have children of young age, the effects of windfall gains on labour supply are negative, 

with effects being strongly negative for both men and women. 

In the case of individuals aged 40 with no spouse and no children, there is a positive 

effect of windfall gains on labour supply. Weekly working hours, on average, increase by 

2.152 hours (specification (2)) or, conditional on working, for 0.028 log hours (specification 

(3)). This piece of evidence can again be related with the rise in probability of becoming self-

employed as discussed in Lindh and Ohlsson (1996) and Taylor (2001). Interestingly, 

however, these effects decrease and end up being not statistically significant for individuals of 

age 40 who are married, especially if they have young children. 

We also find support in our data for the behaviour suggested by Lindh and Ohlsson 

(1996) and Taylor (2001). The results are reported in the Appendix (Tables A.1 and A.2). We 

find that winning windfall gains increases the probability of becoming self-employed for men. 

Including interaction terms supports the story that men aged about 40 years have a higher 

probability of becoming self-employed after winning a windfall gain. However, married men 

have a higher probability of becoming self-employed compared to single men. 

Turning back to the results in Table 15, the effects of windfall gains on the labour 

supply of married individuals aged 55 tend to be statistically significant and negative. The 

impact of windfall gains in the employment participation (specification (1)) is equal to -0.028 
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 The results of this specification were also checked using the Honore (1992) estimator, without instruments. 

The results were very similar and conclusions would be unchanged. 
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and the effect on weekly working hours (specification (2)) is equal to -0.966. These general 

patterns are similar for men and for women. 

 

[ PLACE TABLE 15 HERE. ] 

 

Summing up, several interesting results emerge when we interact personal 

characteristics with windfall gains. First, the effects of windfall gains operate both at the 

external and internal margin, but they tend to be stronger at the external margin. This suggests 

that after receiving unanticipated windfall gains, people adjust their labour supply mainly by 

dropping out of the labour force, rather than by reducing their hours worked. Second, there is 

evidence that for some individuals (e.g., for single middle-aged individuals), effects on 

working hours can be positive. And third, for young and old people as well as individuals who 

are married with young children, windfall gains tend to have the most negative impact on 

labour supply. 

 

6. Conclusion 

In this paper, we investigate whether European workers adjust labour supply (that is, 

labour market participation and working hours) in response to windfall gains. According to 

the life-cycle model of labour supply, unanticipated gains in non-earned income are expected 

to have negative effects on labour supply. We use information from the European Household 

Panel for the 1994 to 2001 period to shed some light on the question of interest. 

We find weak evidence that individuals react to windfall gains by reducing their 

working hours. The effects, however, seem to be small. In addition, individuals seem to adjust 

their labour supply mostly along the external margin, by dropping out of the labour force, 

rather than by reducing their working hours while staying in employment. Furthermore, we 

report that the effects on labour supply are stronger in the case of large windfall gains. The 

results and conclusions are robust to different specifications and they are not affected by the 

choice of which measure of wage is used on the right hand side: the hourly wage or the net 

monthly wage. 

Finally, when we allow for heterogeneity of the effects across individuals, the results 

suggest that the impact of windfall gains on labour supply: (i) is more important for young 

and old individuals, (ii) is most negative for married individuals with young children, (iii) but 

can be positive for single individuals aged around 40 years. The last effect can be explained 
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by the effect of windfall gains on reducing liquidity constraints in capital markets and thus 

encouraging people to become self-employed. 

 

References 

Altonji, J. G. (1986). “Substitution in labor supply: evidence from micro data”. Journal of 

Political Economy, 94(3), Part 2, S176-S215. 

Argyle, M. (2001). The Psychology of Happiness. 2
nd

 Ed., London: Routledge. 

Azmat, G., Güell, M., and A. Manning (2006). “Gender gaps in unemployment rates in 

OECD countries”. Journal of Labor Economics, 24(1), 1-37. 

Blanchflower, D. G., and A. J. Oswald (1998). “What makes an entrepreneur?”. Journal of 

Labor Economics, 16, 26-60. 

Bodkin, R. (1959). “Windfall income and consumption”. American Economic Review, 49, 

602-614. 

Brickman, P., Coates, D., and R. Janoff-Bulman (1978). “Lottery winners and accident 

victims - is happiness relative?”. Journal of Personality and Social Psychology, 36, 917-

927. 

Easterlin, R. A. (1974). “Does economic growth improve the human lot? Some empirical 

evidence”. In David, P. A., and M. W. Reder (Eds.), Nations and Households in Economic 

Growth: Essays in Honor of Moses Abramowitz. Academic Press, New York, 89–125. 

Gardner, J., and A. Oswald (2001). “Does money buy happiness? A longitudinal study using 

data on windfalls”. University of Warwick, Working Paper. 

Glaeser, E. L., Sacerdote, B. I., and J. A. Scheinkman. (2003). “The social multiplier”. 

Journal of the European Economic Association, 2-3, 345-353. 

Heckman, J. J., and T. E. MaCurdy (1980). "A life-cycle model of female labour supply”. 

Review of Economic Studies, 47, 47-74. 

Henley, A. (2004) “Hours price shocks, windfall gains and hours of work: British evidence”, 

Oxford Bulletin of Economics and Statistics, 66(4), 439-456. 

Hirschfeld, R. R., and H. S. Field (2000). “Work centrality and work alienation: distinct 

aspects of a general commitment to work”. Journal of Organizational Behavior, 21, 789-

800. 

Holtz-Eakin, D., Joulfaian, D., and H. Rosen (1993). “The Carnegie conjecture: Some 

empirical evidence”. Quarterly Journal of Economics, 108(2), 413-435. 

Honore, B. E. (1992). “Trimmed lad and least squares estimation of truncated and censored 

regression models with fixed effects”. Econometrica, 60 (3), 533-565. 



25 

 

Imbens, G., Rubin, D. and Sacerdote, B. (2001). “Estimating the effect of unearned income on 

labor earnings, savings, and consumption: evidence from a survey of lottery players”. 

American Economic Review, 91(4), 778-794. 

Joshi, H. (1998). “The opportunity costs of childbearing: More than mothers‟ business”. 

Journal of Population Economics, 11, 161-183. 

Joshi, H., Macran, S., and S. Dex (1996). “Employment after childbearing and women‟s 

subsequent labour force participation: Evidence from the British 1958 birth cohort”. 

Journal of Population Economics, 9, 325-348. 

Joshi, H., Makepeace, G., and P. Dolton (2007). “More or less unequal? Evidence on the pay 

of men and women from the British Birth Cohort Studies”, Gender, Work and 

Organization, 14(1), 37-55. 

Joulfaian, D. and Wilhelm, M. (1994). “Inheritance and labor supply”. Journal of Human 

Resources, 29(4), 1205-1234. 

Kaplan, H. R. (1988). “Gambling among lottery winners: before and after the big score”. 

Journal of Gambling Behavior, 4, 171-182.  

Katz, L. F., Kling, J. R., and J. B. Liebman (2001). “Moving to opportunity in Boston: early 

results of a randomized mobility experiment”. Quarterly Journal of Economics, 116, 607–

654. 

Kling, J. R., Ludwig, J., and L. F. Katz (2005). “Neighborhood effects on crime for female 

and male youth: evidence from a randomized housing voucher experiment”. Quarterly 

Journal of Economics, 120(1), 87-130. 

Kreinin, M. (1961). “Windfall income and consumption - additional evidence”. American 

Economic Review, 51, 388-390. 

Kuhn, P., Kooreman, P., Soetevent, A. R., and A. Kapteyn (2008). “The own and social 

effects of an unexpected income shock”. RAND Labour and Population, Working Paper. 

Layard, R. (2005). Happiness: Lessons From a New Science. London: Allen Lane. 

Lindahl, M. (2005). “Estimating the effect of income on health and mortality using lottery 

prizes as an exogenous source of variation in income”. Journal of Human Resources, 40, 

144-168. 

Lindh, T. and Ohlsson, H. (1996). “Self-employment and windfall gains: evidence from the 

Swedish lottery”. Economic Journal, 106(439), 1515-1526. 

Ludwig, J., Duncan, G. J., and P. Hirschfield (2001). “Urban poverty and juvenile crime: 

evidence from a randomized housing-mobility experiment”. Quarterly Journal of 

Economics, 116, 655-679. 



26 

 

MaCurdy, T. E. (1981). "An empirical model of labor supply in a life-cycle setting”. Journal 

of Political Economy, 89, 1059-1085. 

Manning, A. (2009). “You can‟t always get what you want: The impact of the UK Jobseeker‟s 

Allowance”. Labour Economics, 16, 239-250. 

Manning, A. (1995). “Developments in labour market theory and their implications for 

macroeconomic policy”. Scottish Journal of Political Economy, 42(3), 250-266. 

Martin, A. (1995). “Can money buy happiness?”. Science, 268, 1113-1114. 

Mumford, K., and P. N. Smith (2009). “What determines the part-time and gender earnings 

gaps in Britain: evidence from the workplace”. Oxford Economic Papers, 61, i56-i75. 

Mumford, K., and P. N. Smith (2007). “The gender earnings gap in Britain: Including the 

workplace”. The Manchester School, 75(6), 653-672. 

Myers, D. M. (1992). The Pursuit of Happiness. New York: Morrow. 

Nettle, D. (2005). Happiness: The Science Behind your Smile. Oxford: Oxford University 

Press. 

Pencavel, J. (1986). "Labor supply of men: a survey". In: Ashenfelter, O., and R. Layard 

(Eds.), Handbook of Labor Economics, 1, 3-102. 

Petrongolo, B., and C. A. Pissarides (2008). “The ins and outs of European unemployment”, 

American Economic Review, 98(2), 256-262. 

Portela, M. (2001). “Measuring skill: a multi-dimensional index”. Economics Letters, 72(1), 

27-32.  

Rees, A. (1974). "An overview of the labor supply results”. Journal of Human Resources, 

9(2), 158-180. 

Sacerdote, B. (2001). “Peer effects with random assignment: results for Dartmouth 

roommates”. Quarterly Journal of Economics, 116(2), 681-704. 

Taylor, M.P. (2001). “Self-employment and windfall gains in Britain: evidence from panel 

data”. Economica, 68(272), 539-565. 

 

 

 

 



27 

 

List of Tables 
 

 

Table 1: Number of individuals in the sample and number of times they received 

windfall gains during the period in the sample. 

# of times windfall gains received Frequency Percent 

0 88,692 88.44 

1 8,824 8.80 

2 1,957 1.95 

3 501 0.50 

4 165 0.16 

5 82 0.08 

6 26 0.03 

7 25 0.02 

8 17 0.02 

Total 100,289 100.00 

Source: European Community Household Panel Longitudinal Users' Database. 

All individuals of age 25-60. Only individuals who are observed for at least 

two periods are included. 

 

Table 2: Number of individuals who ever received small/medium/large windfall gains. 

Size of windfall gains received Frequency Percent 

small (2000-10,000 EUR) 4,172 48.81 

medium (10,000-50,000 EUR) 3,353 39.23 

large (more than 50,000 EUR) 1,022 11.96 

Total 8,547 100.00 

Source: European Community Household Panel Longitudinal Users' 

Database. All individuals of age 25-60. Only individuals who are observed 

for at least two periods are included. 
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Table 3: Comparing personal information for winners and non-winners (prior to 

receiving windfall gains). 

 
have received 

windfall gains 

have not received 

windfall gains 

Diff. in 

means 

 Mean Obs. Mean Obs. p-value 

Variable (1) (2) (3) (4) (5) 

household size 3.29 6,674 3.46 75,040 0.000 

number of adults (>16) in household 2.45 6,674 2.63 75,040 0.000 

number of children (16<) in household 0.84 6,674 0.83 75,040 0.739 

age 42.01 6,674 41.23 75,040 0.000 

female dummy 0.51 6,674 0.51 75,040 0.484 

married dummy 0.73 6,664 0.72 74,974 0.249 

secondary education dummy 0.38 6,576 0.36 73,598 0.000 

post secondary education dummy 0.29 6,576 0.18 73,598 0.000 

employed dummy 0.77 6,656 0.70 74,998 0.000 

household income 31,186 6,648 25,863 74,584 0.000 

household income - from working 26,758 6,651 21,337 74,598 0.000 

household income - unearned income 1,448 6,651 848 74,598 0.000 

personal income 15,589 6,674 12,095 75,040 0.000 

personal income - from working 13,270 6,674 10,222 75,040 0.000 

personal income - unearned income 690 6,674 376 75,040 0.000 

personal hourly wage 7.68 6,674 6.78 75,040 0.000 

total hours working per week 30.57 6,497 28.26 73,932 0.000 

Source: European Community Household Panel Longitudinal Users' Database. All individuals of 

age 25-60. Winners are observed one period before receiving windfall gains. This approximately 

corresponds to period 3 in the sample for non-winners. 
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Table 4: Comparison of personal information among winners by the size of windfall 

gains received (prior to receiving windfall gains). 

 
received small 

windfall gains 

received medium 

windfall gains 

received large 

windfall gains 

small vs 

medium 

small 

vs 

large 

medium 

vs large 

 Mean Obs. Mean Obs. Mean Obs. 
Difference in means  

p-value 

Variable (1) (2) (3) (4) (5) (6) (7) (8) (9) 

hh size 3.30 3,098 3.27 2,579 3.24 762 0.358 0.284 0.669 

no. of adults in hh 2.45 3,098 2.43 2,579 2.44 762 0.406 0.721 0.852 

no. of children in hh 0.85 3,098 0.84 2,579 0.80 762 0.662 0.297 0.470 

age 41.40 3,098 42.45 2,579 42.77 762 0.000 0.001 0.428 

female dummy 0.51 3,098 0.52 2,579 0.52 762 0.344 0.555 0.974 

married dummy 0.73 3,095 0.73 2,574 0.71 761 0.683 0.308 0.207 

second. educ. dummy 0.39 3,064 0.37 2,542 0.35 742 0.243 0.029 0.167 

post sec. educ. dummy 0.27 3,064 0.28 2,542 0.37 742 0.341 0.000 0.000 

employed dummy 0.77 3,091 0.76 2,573 0.77 757 0.463 0.811 0.811 

hh income 28,804 3,091 32,185 2,568 36,711 756 0.000 0.000 0.000 

hh income - working 24,958 3,092 27,569 2,570 31,346 756 0.000 0.000 0.000 

hh income - unearned 1,386 3,092 1,181 2,570 2,646 756 0.077 0.000 0.000 

personal income 14,612 3,098 15,987 2,579 18,443 762 0.001 0.000 0.002 

pers. income - working 12,413 3,098 13,656 2,579 15,717 762 0.002 0.000 0.006 

pers. income - unearned 665 3,098 552 2,579 1,280 762 0.086 0.003 0.000 

pers. hourly wage 7.07 3,098 7.98 2,579 8.95 762 0.000 0.000 0.000 

weekly hours working 31.04 3,016 30.01 2,521 31.22 736 0.062 0.834 0.166 

Source: European Community Household Panel Longitudinal Users' Database. Individuals of age 25-60 that have at 

some point received windfall gains. Winners are observed one period before receiving windfall gains. Small windfall 

gains (2000-10,000 EUR), medium windfall gains (10,000-50,000 EUR), large windfall gains (more than 50,000 EUR) 
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Table 5: Comparing personal information before and after the receipt of windfall gains. 

 Before After  

 Mean Obs. Mean Obs. 

Difference 

in means,  

p-value 

Variable (1) (2) (3) (4) (5) 

ALL      

employed dummy 0.77 6,656 0.76 7,079 0.781 

hh income 31,186 6,648 31,823 7,068 0.099 

hh income - working 26,758 6,651 27,312 7,068 0.147 

hh income - unearned 1,448 6,651 1,614 7,068 0.061 

personal income 15,589 6,674 15,986 7,082 0.151 

pers. income - working 13,270 6,674 13,592 7,082 0.228 

pers. income - unearned 690 6,674 762 7,082 0.173 

pers. hourly wage 7.68 6,674 7.81 7.082 0.072 

weekly hours working 30.57 6,497 30.56 6,923 0.966 

SMALL WINDFALL GAIN     

employed dummy 0.77 3,091 0.76 3,444 0.341 

hh income 28,804 3,091 28,874 3,442 0.885 

hh income – working 24,958 3,092 24,928 3,442 0.951 

hh income – unearned 1,386 3,092 1,399 3,442 0.918 

personal income 14,612 3,098 14,690 3,446 0.824 

pers. income - working 12,413 3,098 12,478 3,446 0.847 

pers. income - unearned 665 3,098 678 3,446 0.859 

pers. hourly wage 7.07 3,098 7.28 3,446 0.012 

weekly hours working 31.04 3,016 30.57 3,366 0.362 

MEDIUM WINDFALL GAINS     

employed dummy 0.76 2,573 0.78 2,683 0.261 

hh income 32,185 2,568 33,030 2,675 0.194 

hh income - working 27,569 2,570 28,663 2,675 0.084 

hh income - unearned 1,181 2,570 1,430 2,675 0.035 

personal income 15,987 2,579 16,563 2,684 0.211 

pers. income - working 13,656 2,579 14,238 2,684 0.194 

pers. income - unearned 552 2,579 664 2,684 0.077 

pers. hourly wage 7.98 2,579 8.09 2,684 0.348 

weekly hours working 30.01 2,521 30.58 2,628 0.308 

LARGE WINDFALL GAINS     

employed dummy 0.77 757 0.75 762 0.516 

hh income 36,711 756 40,587 761 0.008 

hh income - working 31,346 756 33,858 761 0.090 

hh income - unearned 2,646 756 3,268 761 0.134 

personal income 18,443 762 20,297 762 0.094 

pers. income - working 15,717 762 16,961 762 0.238 

pers. income - unearned 1,280 762 1,497 762 0.437 

pers. hourly wage 8.95 762 9.07 762 0.691 

weekly hours working 31.22 736 31.10 743 0.912 

Source: European Community Household Panel Longitudinal Users' Database. Individuals of age 

25-60. Before: one period before receiving windfall gains. After: one period after receiving 

windfall gains (not in the period when windfall gains were received). Small windfall gains (2000-

10,000 EUR), medium windfall gains (10,000-50,000 EUR), large windfall gains (more than 

50,000 EUR) 
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Table 6: Effects of windfall gains on working hours – all. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

windfall gains dummy -0.00424 -0.0618 0.00194 0.00125 0.00236 

 (0.00360) (0.159) 

 

(0.161) (0.00365) (0.00375) 

hourly wage  -0.831*** -0.441**   

  (0.0262) (0.203)   

log hourly wage    -0.404*** -0.197*** 

    (0.00610) (0.0469) 

age 0.0823*** 3.876*** 3.625*** 0.0564*** 0.0386*** 

 (0.00272) (0.121) (0.150) (0.00295) (0.00464) 

age^2 -0.000986*** -0.0452*** -0.0439*** -0.000490*** -0.000391*** 

 (3.09e-05) (0.00137) (0.00142) (3.40e-05) (3.88e-05) 

married dummy 0.0129* 1.205*** 1.157*** 0.0146** 0.00932 

 (0.00680) (0.301) (0.312) (0.00671) (0.00708) 

children 0-6 in household dummy -0.0516*** -2.841*** -2.961*** -0.0491*** -0.0534*** 

 (0.00571) (0.253) (0.259) (0.00560) (0.00584) 

children 7-15 in household dummy -0.0425*** -2.318*** -2.333*** -0.0293*** -0.0292*** 

 (0.00519) (0.230) (0.233) (0.00518) (0.00533) 

Constant -0.841*** -41.45*** -36.29*** 2.974*** 3.131*** 

 (0.0589) (2.615) (3.089) (0.0617) (0.0680) 

Observations 54164 53011 52348 40239 39789 

Number of individuals 10395 10357 10322 8735 8700 

R-squared 0.024 0.049  0.126  

Hausman test
+
   0.000  0.000 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of 

the Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for education, 

interactions between education dummies and quartic in age and country-year dummies. 
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Table 7: Effects of windfall gains on working hours – men. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

windfall gains dummy -0.00493 -0.158 -0.0525 0.00126 0.00130 

 (0.00443) (0.237) 

 

(0.239) (0.00398) (0.00408) 

hourly wage  -0.879*** -0.812***   

  (0.0360) (0.218)   

log hourly wage    -0.368*** -0.192*** 

    (0.00704) (0.0462) 

age 0.0955*** 5.188*** 5.064*** 0.0621*** 0.0471*** 

 (0.00338) (0.181) (0.205) (0.00323) (0.00490) 

age^2 -0.00115*** -0.0602*** -0.0593*** -0.000580*** -0.000495*** 

 (3.83e-05) (0.00205) (0.00208) (3.69e-05) (4.23e-05) 

married dummy 0.0197** 2.126*** 2.050*** 0.0349*** 0.0293*** 

 (0.00843) (0.449) (0.460) (0.00748) (0.00785) 

children 0-6 in household dummy -0.0309*** -1.207*** -1.406*** 3.02e-05 -0.00319 

 (0.00684) (0.366) (0.372) (0.00602) (0.00625) 

children 7-15 in household dummy -0.0356*** -1.497*** -1.579*** -0.00605 -0.00580 

 (0.00640) (0.341) (0.346) (0.00566) (0.00582) 

Constant -0.980*** -59.98*** -56.94*** 2.959*** 3.076*** 

 (0.0733) (3.925) (4.335) (0.0679) (0.0738) 

Observations 26176 25626 25327 22503 22278 

Number of individuals 5087 5073 5061 4691 4679 

R-squared 0.044 0.070  0.140  

Hausman test
+
   0.000  0.008 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of 

the Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for education, 

interactions between education dummies and quartic in age and country-year dummies. 
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Table 8: Effects of windfall gains on working hours – women. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

windfall gains dummy -0.00367 0.0201 0.0563 0.000261 0.00366 

 (0.00558) (0.213) (0.216) 

 

(0.00659) (0.00687) 

hourly wage  -0.759*** -0.0268   

  (0.0385) (0.330)   

log hourly wage    -0.441*** -0.149** 

    (0.0103) (0.0752) 

age 0.0699*** 2.651*** 2.259*** 0.0474*** 0.0230*** 

 (0.00419) (0.160) (0.216) (0.00532) (0.00763) 

age^2 -0.000832*** -0.0314*** -0.0294*** -0.000357*** -0.000232*** 

 (4.77e-05) (0.00182) (0.00195) (6.21e-05) (6.81e-05) 

married dummy 0.00581 0.179 0.190 -0.0135 -0.0198 

 (0.0105) (0.402) (0.420) (0.0118) (0.0125) 

children 0-6 in household dummy -0.0757*** -4.828*** -4.893*** -0.122*** -0.130*** 

 (0.00915) (0.350) (0.362) (0.0103) (0.0109) 

children 7-15 in household dummy -0.0512*** -3.309*** -3.232*** -0.0635*** -0.0643*** 

 (0.00808) (0.308) (0.313) (0.00932) (0.00974) 

Constant -0.705*** -23.60*** -16.21*** 3.015*** 3.245*** 

 (0.0907) (3.472) (4.363) (0.110) (0.121) 

Observations 27988 27385 27021 17736 17511 

Number of individuals 5308 5284 5261 4044 4021 

R-squared 0.015 0.036  0.128  

Hausman test
+
   0.003  0.001 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of 

the Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for 

education, interactions between education dummies and quartic in age and country-year dummies. 
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Table 9: Effects of small/medium/large windfall gains on working hours – all. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

small windfall gains dummy -0.00283 -0.132 -0.114 0.00671 0.00599 

 (0.00458) (0.203) (0.204) (0.00464) (0.00476) 

medium windfall gains dummy -0.00597 -0.0102 0.0740 -0.00356 -0.00143 

 (0.00494) (0.218) (0.221) (0.00502) (0.00517) 

large windfall gains dummy -0.0213** -0.568 -0.406 -0.0137 -0.00931 

 (0.00835) 

 

(0.371) (0.378) (0.00851) (0.00882) 

hourly wage  -0.830*** -0.427**   

  (0.0262) (0.204)   

log hourly wage    -0.404*** -0.200*** 

    (0.00610) (0.0471) 

age 0.0824*** 3.885*** 3.630*** 0.0565*** 0.0388*** 

 (0.00272) (0.121) (0.150) (0.00295) (0.00464) 

age^2 -0.000985*** -0.0452*** -0.0439*** -0.000488*** -0.000391*** 

 (3.09e-05) (0.00137) (0.00142) (3.40e-05) (3.88e-05) 

married dummy 0.0131* 1.213*** 1.159*** 0.0148** 0.00942 

 (0.00680) (0.301) (0.312) (0.00671) (0.00708) 

children 0-6 in household dummy -0.0518*** -2.848*** -2.970*** -0.0491*** -0.0534*** 

 (0.00571) (0.253) (0.259) (0.00560) (0.00584) 

children 7-15 in household dummy -0.0427*** -2.323*** -2.338*** -0.0294*** -0.0293*** 

 (0.00519) (0.230) (0.233) (0.00518) (0.00533) 

Constant -0.848*** -41.78*** -36.56*** 2.971*** 3.126*** 

 (0.0587) (2.609) (3.085) (0.0616) (0.0679) 

Observations 54164 53011 52348 40239 39789 

Number of individuals 10395 10357 10322 8735 8700 

R-squared 0.024 0.049  0.127  

Hausman test
+
   0.000  0.000 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of 

the Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for 

education, interactions between education dummies and quartic in age and country-year dummies. 
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Table 10: Effects of small/medium/large windfall gains on working hours – men. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

small windfall gains dummy -0.00104 -0.177 -0.126 0.00557 0.00517 

 (0.00563) (0.301) (0.303) (0.00502) (0.00515) 

medium windfall gains dummy -0.00617 0.0221 0.111 0.00139 0.00153 

 (0.00610) (0.326) (0.329) (0.00552) (0.00566) 

large windfall gains dummy -0.0306*** -1.337** -0.966* -0.0208** -0.0184* 

 (0.0103) 

 

(0.552) (0.560) (0.00927) (0.00953) 

hourly wage  -0.878*** -0.795***   

  (0.0360) (0.219)   

log hourly wage    -0.368*** -0.196*** 

    (0.00704) (0.0463) 

age 0.0954*** 5.191*** 5.065*** 0.0620*** 0.0473*** 

 (0.00338) (0.181) (0.206) (0.00323) (0.00490) 

age^2 -0.00115*** -0.0601*** -0.0592*** -0.000577*** -0.000495*** 

 (3.84e-05) (0.00205) (0.00209) (3.69e-05) (4.23e-05) 

married dummy 0.0199** 2.138*** 2.055*** 0.0350*** 0.0295*** 

 (0.00843) (0.449) (0.460) (0.00748) (0.00784) 

children 0-6 in household dummy -0.0311*** -1.221*** -1.418*** -6.81e-05 -0.00316 

 (0.00684) (0.366) (0.372) (0.00602) (0.00625) 

children 7-15 in household dummy -0.0357*** -1.505*** -1.586*** -0.00606 -0.00580 

 (0.00640) (0.341) (0.346) (0.00566) (0.00582) 

Constant -0.983*** -60.20*** -57.13*** 2.960*** 3.075*** 

 (0.0730) (3.914) (4.333) (0.0677) (0.0737) 

Observations 26176 25626 25327 22503 22278 

Number of individuals 5087 5073 5061 4691 4679 

R-squared 0.044 0.070  0.141  

Hausman test
+
   0.000  0.034 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of 

the Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for 

education, interactions between education dummies and quartic in age and country-year dummies. 
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Table 11: Effects of small/medium/large windfall gains on working hours – women. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

small windfall gains dummy -0.00442 -0.0920 -0.127 0.00806 0.00690 

 (0.00712) (0.272) (0.275) (0.00845) (0.00877) 

medium windfall gains dummy -0.00583 -0.0449 0.0757 -0.0111 -0.00479 

 (0.00765) (0.291) (0.297) (0.00897) (0.00943) 

large windfall gains dummy -0.0123 0.211 0.183 -0.00496 0.00332 

 (0.0129) 

 

(0.495) (0.508) (0.0154) (0.0163) 

hourly wage  -0.759*** -0.0251   

  (0.0385) (0.330)   

log hourly wage    -0.442*** -0.148** 

    (0.0103) (0.0754) 

age 0.0702*** 2.660*** 2.270*** 0.0476*** 0.0231*** 

 (0.00419) (0.160) (0.215) (0.00532) (0.00763) 

age^2 -0.000833*** -0.0315*** -0.0294*** -0.000357*** -0.000231*** 

 (4.77e-05) (0.00182) (0.00195) (6.21e-05) (6.81e-05) 

married dummy 0.00593 0.178 0.192 -0.0135 -0.0199 

 (0.0105) (0.402) (0.419) (0.0118) (0.0126) 

children 0-6 in household dummy -0.0758*** -4.824*** -4.893*** -0.122*** -0.130*** 

 (0.00915) (0.350) (0.363) (0.0103) (0.0109) 

children 7-15 in household dummy -0.0513*** -3.308*** -3.232*** -0.0636*** -0.0643*** 

 (0.00808) (0.308) (0.313) (0.00932) (0.00974) 

Constant -0.715*** -23.90*** -16.58*** 3.009*** 3.237*** 

 (0.0906) (3.466) (4.341) (0.110) (0.121) 

Observations 27988 27385 27021 17736 17511 

Number of individuals 5308 5284 5261 4044 4021 

R-squared 0.015 0.036  0.129  

Hausman test
+
   0.005  0.004 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of 

the Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for education, 

interactions between education dummies and quartic in age and country-year dummies. 
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Table 12: Effects of windfall gains and interactions – all. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

windfall gains dummy -0.351*** -11.64*** -11.52*** 0.0568 -6.97e-05 

 (0.0582) 

 

(2.579) (2.633) (0.0631) (0.0670) 

hourly wage  -0.912*** -0.158   

  (0.0334) (0.300)   

interaction of windfall gains with 

wage 

 0.117*** -0.187   

 (0.0287) (0.118)   

log hourly wage    -0.399*** -0.193*** 

    (0.00714) (0.0475) 

interaction of windfall gains with 

log wage 

   -0.00797 0.00363 

   (0.00617) (0.0196) 

 

age 0.0700*** 3.371*** 2.969*** 0.0529*** 0.0324*** 

 (0.00378) (0.168) (0.207) (0.00410) (0.00569) 

interaction of windfall gains with 

age 

0.0186*** 0.637*** 0.726*** -0.000138 0.00192 

(0.00291) (0.129) (0.134) (0.00318) (0.00339) 

age^2 -0.000843*** -0.0390*** -0.0367*** -0.000440*** -0.000312*** 

 (4.53e-05) (0.00201) (0.00209) (4.97e-05) (5.52e-05) 

interaction of windfall gains with 

age^2 

-0.000217*** -0.00792*** -0.00869*** -7.41e-06 -3.52e-05 

(3.45e-05) (0.00153) (0.00157) (3.82e-05) (4.02e-05) 

 

married dummy 0.0398*** 2.082*** 2.115*** 0.0268*** 0.0221*** 

 (0.00790) (0.350) (0.361) (0.00781) (0.00824) 

interaction of windfall gains with 

married dummy 

-0.0436*** -1.505*** -1.619*** -0.0233*** -0.0244*** 

(0.00694) (0.308) (0.316) (0.00702) (0.00724) 

 

children 0-6 in hhold dummy -0.0425*** -1.978*** -2.251*** -0.0332*** -0.0371*** 

 (0.00740) (0.328) (0.336) (0.00732) (0.00760) 

interaction of windfall gains with 

children 0-6 dummy 

-0.00801 -1.223*** -0.947*** -0.0247*** -0.0247*** 

(0.00783) (0.347) (0.358) (0.00783) (0.00827) 

children 7-15 in hhold dummy -0.0433*** -2.135*** -2.149*** -0.0303*** -0.0312*** 

 (0.00676) (0.299) (0.304) (0.00679) (0.00699) 

interaction of windfall gains with 

children 7-15 dummy 

0.00822 0.0116 0.0738 0.00755 0.00931 

(0.00755) (0.334) (0.339) (0.00756) (0.00778) 

 

Constant -0.610*** -32.06*** -25.22*** 3.009*** 3.222*** 

 (0.0765) (3.395) (3.928) (0.0807) (0.0897) 

Observations 54164 53011 52348 40239 39789 

Number of individuals 10395 10357 10322 8735 8700 

R-squared 0.026 0.051  0.128  

Hausman test
+
   0.001  0.000 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of the 

Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for education, 

interactions between education dummies and quartic in age and country-year dummies. 
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Table 13: Effects of windfall gains and interactions – men. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

windfall gains dummy -0.292*** -12.85*** -12.35*** -0.00101 -0.0175 

 (0.0719) (3.857) 

 

(3.929) (0.0688) (0.0718) 

hourly wage  -0.933*** -0.510   

  (0.0446) (0.334)   

interaction of windfall gains with 

wage 

 0.0820** -0.212   

  (0.0393) (0.144)   

log hourly wage    -0.366*** -0.185*** 

    (0.00810) (0.0465) 

interaction of windfall gains with log 

wage 

   -0.00325 -0.0191 

   (0.00685) (0.0201) 

 

Age 0.0862*** 4.614*** 4.361*** 0.0560*** 0.0388*** 

 (0.00470) (0.252) (0.288) (0.00448) (0.00612) 

interaction of windfall gains with age 0.0154*** 0.687*** 0.750*** 0.00231 0.00469 

 (0.00360) (0.193) (0.200) (0.00347) (0.00373) 

age^2 -0.00104*** -0.0531*** -0.0516*** -0.000498*** -0.000386*** 

 (5.60e-05) (0.00300) (0.00307) (5.39e-05) (6.03e-05) 

interaction of windfall gains with 

age^2 

-0.000180*** -0.00862*** -0.00898*** -3.98e-05 -6.76e-05 

(4.26e-05) (0.00228) (0.00233) (4.14e-05) (4.38e-05) 

 

married dummy 0.0353*** 2.579*** 2.514*** 0.0387*** 0.0344*** 

 (0.00992) (0.529) (0.542) (0.00884) (0.00924) 

 

interaction of windfall gains with 

married dummy 

-0.0251*** -0.735 -0.758 -0.00908 -0.0100 

(0.00904) (0.485) (0.494) (0.00824) (0.00850) 

children 0-6 in hhold dummy -0.0152* -0.328 -0.726 0.0130* 0.00975 

 (0.00897) (0.479) (0.488) (0.00790) (0.00817) 

interaction of windfall gains with 

children 0-6 dummy 

-0.0214** -1.235** -0.893* -0.0224*** -0.0210** 

(0.00955) (0.510) (0.519) (0.00845) (0.00881) 

children 7-15 in hhold dummy -0.0321*** -1.285*** -1.408*** 0.00313 0.00272 

 (0.00839) (0.448) (0.455) (0.00749) (0.00770) 

interaction of windfall gains with 

children 7-15 dummy 

-0.000463 -0.112 0.0145 -0.0125 -0.0105 

(0.00939) (0.502) (0.507) (0.00834) (0.00855) 

 

Constant -0.807*** -49.14*** -44.71*** 3.053*** 3.198*** 

 (0.0951) (5.093) (5.583) (0.0887) (0.0976) 

Observations 26176 25626 25327 22503 22278 

Number of individuals 5087 5073 5061 4691 4679 

R-squared 0.045 0.072  0.141  

Hausman test
+
   0.001  0.048 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of the 

Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for education, 

interactions between education dummies and quartic in age and country-year dummies. 
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Table 14: Effects of windfall gains and interactions – women. 

Dependent variable: Employment 

dummy 
Working hours per week Log working hours per week 

 (1) (2) (3) (4) (5) 

 FE FE FE IV FE FE IV 

windfall gains dummy -0.387*** -7.540** -8.464** 0.213* 0.0951 

 (0.0909) (3.465) 

 

(3.528) (0.115) (0.125) 

hourly wage  -0.919*** -0.224   

  (0.0512) (0.425)   

interaction of windfall gains with 

wage 

 0.210*** 0.115   

  (0.0442) (0.177)   

log hourly wage    -0.438*** -0.170** 

    (0.0124) (0.0786) 

interaction of windfall gains with 

log wage 

   -0.00632 0.0393 

   (0.0113) (0.0383) 

 

age 0.0558*** 2.361*** 1.944*** 0.0511*** 0.0246*** 

 (0.00586) (0.224) (0.283) (0.00741) (0.00950) 

interaction of windfall gains with 

age 

0.0204*** 0.401** 0.482*** -0.00848 -0.00642 

 (0.00453) (0.173) (0.182) (0.00581) (0.00626) 

age^2 -0.000670*** -0.0278*** -0.0251*** -0.000394*** -0.000246** 

 (7.03e-05) (0.00268) (0.00284) (9.10e-05) (9.82e-05) 

interaction of windfall gains with 

age^2 

-0.000236*** -0.00500** -0.00596*** 9.49e-05 6.62e-05 

(5.41e-05) (0.00206) (0.00214) (7.04e-05) (7.51e-05) 

 

married dummy 0.0403*** 1.212*** 1.279*** 0.00334 -0.00508 

 (0.0121) (0.464) (0.482) (0.0135) (0.0145) 

 

interaction of windfall gains with 

married dummy 

-0.0549*** -1.788*** -1.803*** -0.0315*** -0.0288** 

(0.0103) (0.396) (0.414) (0.0117) (0.0125) 

children 0-6 in hhold dummy -0.0739*** -4.075*** -4.127*** -0.100*** -0.107*** 

 (0.0117) (0.448) (0.460) (0.0134) (0.0141) 

interaction of windfall gains with 

children 0-6 dummy 

0.00775 -1.070** -1.017** -0.0330** -0.0340** 

(0.0124) (0.475) (0.492) (0.0144) (0.0154) 

children 7-15 in hhold dummy -0.0564*** -3.356*** -3.230*** -0.0778*** -0.0807*** 

 (0.0105) (0.400) (0.406) (0.0121) (0.0127) 

interaction of windfall gains with 

children 7-15 dummy 

0.0176 0.406 0.353 0.0333** 0.0353** 

(0.0117) (0.447) (0.454) (0.0135) (0.0141) 

 

Constant -0.440*** -18.02*** -10.49** 2.912*** 3.231*** 

 (0.118) (4.520) (5.328) (0.145) (0.159) 

Observations 27988 27385 27021 17736 17511 

Number of individuals 5308 5284 5261 4044 4021 

R-squared 0.017 0.039  0.130  

Hausman test
+
   0.007  0.007 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. 
+
 Reports p-value of the 

Hausman test of endogeneity. In IV regression (log) hourly wage is instrumented using two dummies for education, 

interactions between education dummies and quartic in age and country-year dummies. 
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Table 15: Effects of windfall gains on labour supply by types of individuals. 

 

 Full sample Men Women 

 (1) (2) (3) (1) (2) (3) (1) (2) (3) 

25 yrs, 

single, no 

children 

 

-0.021** -0.259 0.033*** -0.020* -1.002 0.019 -0.025 0.682 0.049** 

(0.034) (0.609) (0.005) (0.091) (0.182) (0.173) (0.119) (0.311) (0.016) 

30 yrs, 

single, no 

children 

 

0.012* 0.979*** 0.033*** 0.007 0.279 0.024** 0.012 1.455*** 0.035** 

(0.093) (0.006) (0.000) (0.411) (0.597) (0.011) (0.318) (0.002) (0.011) 

30 yrs, 

married, 

with one 

child 

-0.039*** -1.587*** -0.016** -0.040*** -1.372*** -0.007 -0.035*** -1.365*** -0.028* 

(0.000) (0.000) (0.041) (0.000) (0.010) (0.410) (0.002) (0.003) (0.054) 

40 yrs, 

single, no 

children 

 

0.046*** 2.152*** 0.028*** 0.034*** 1.494*** 0.023*** 0.050*** 2.107*** 0.017 

(0.000) (0.000) (0.000) (0.000) (0.003) (0.007) (0.000) (0.000) (0.202) 

40 yrs, 

married, no 

children 

 

0.003 0.533* 0.003 0.009 0.736 0.013* -0.005 0.305 -0.011 

(0.701) (0.083) (0.650) (0.275) (0.110) (0.090) (0.666) (0.455) (0.371) 

40 yrs, 

married 

with 

children 

 

0.003 -0.340 -0.012 -0.013 -0.143 -0.018* 0.021 -0.358 -0.010 

(0.764) (0.427) (0.225) (0.275) (0.819) (0.087) (0.165) (0.540) (0.589) 

55 yrs, 

single, no 

children 

 

0.016* 0.652 0.006 0.008 -0.051 -0.002 0.020 0.853 0.015 

(0.069) (0.109) (0.535) (0.471) (0.934) (0.826) (0.142) (0.108) (0.394) 

55 yrs, 

married, no 

children 

 

-0.028*** -0.966*** -0.018** -0.017** -0.809* -0.013 -0.035*** -0.950** -0.013 

(0.000) (0.002) (0.032) (0.042) (0.093) (0.167) (0.001) (0.020) (0.384) 

p-values in parentheses; testing the null whether linear combination of coefficients equal to zero. * significant at 10%; ** 

significant at 5%; *** significant at 1%. (1) Employment dummy as dependent variable, FE; (2) Working hours per week as 

dependent variable, FE IV; (3) Log working hours per week as dependent variable, FE IV. In (2) and (3) wages are also included 

in the regression; in these cases effects are calculated at the value of the average wage in the sample (all, men or women).   
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Figure 1: Non-work income over time for those who received windfall gains. 
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Source: European Community Household Panel Longitudinal Users' Database. Individuals who received 

windfall gains of age 25-60. Time period 0 is period when windfall gains were received. 
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Figure 2: Non-work household income over time by size of windfall gains. 
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Source: European Community Household Panel Longitudinal Users' Database. Individuals who received 

windfall gains of age 25-60. Time period 0 is period when windfall gains were received. Small windfall gains 

(2000-10,000 EUR), medium windfall gains (10,000-50,000 EUR), large windfall gains (more than 50,000 EUR) 
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Figure 3: Working hours per week over time. 
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Source: European Community Household Panel Longitudinal Users' Database. Individuals who received 

windfall gains of age 25-60. Time period 0 is period when windfall gains were received. 
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Figure 4: Working hours per week over time by size of windfall gains. 
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Source: European Community Household Panel Longitudinal Users' Database. Individuals who received 

windfall gains of age 25-60. Time period 0 is period when windfall gains were received. Small windfall gains 

(2000-10,000 EUR), medium windfall gains (10,000-50,000 EUR), large windfall gains (more than 50,000 EUR) 
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Appendix 
 

Table A.1: Effects of windfall gains on probability of becoming self-employed. 

Dependent variable: Self-employed dummy 

 all men women all men women 

 (1) (2) (3) (4) (5) (6) 

windfall gains dummy 0.00807*** 0.0122*** 0.00399    

 (0.00231) 

 

(0.00358) (0.00297)    

small windfall gains 

dummy 

   0.00198 0.00599 -0.00195 

   (0.00294) (0.00454) (0.00378) 

medium windfall gains 

dummy 

   0.00900*** 0.0147*** 0.00345 

   (0.00317) (0.00492) (0.00406) 

large windfall gains 

dummy 

   0.0144*** 0.0175** 0.0120* 

 

 

  (0.00535) (0.00832) (0.00685) 

Age 0.0208*** 0.0312*** 0.0114*** 0.0212*** 0.0316*** 0.0117*** 

 (0.00175) (0.00272) (0.00222) (0.00174) (0.00272) (0.00222) 

age^2 -0.000243*** -0.000359*** -0.000139*** -0.000245*** -0.000361*** -0.000140*** 

 (1.99e-05) (3.09e-05) (2.53e-05) (1.99e-05) (3.09e-05) (2.53e-05) 

married dummy 0.0219*** 0.0335*** 0.00945* 0.0219*** 0.0334*** 0.00944* 

 (0.00437) (0.00680) (0.00560) (0.00437) (0.00680) (0.00560) 

children 0-6 in household 

dummy 

-0.000748 -0.00464 0.00135 -0.000758 -0.00475 0.00147 

(0.00367) (0.00552) (0.00486) (0.00367) (0.00552) (0.00487) 

children 7-15 in household 

dummy 

-0.00284 -0.00471 -0.00221 -0.00280 -0.00469 -0.00214 

(0.00333) (0.00516) (0.00429) (0.00333) (0.00516) (0.00429) 

Constant -0.316*** -0.490*** -0.156*** -0.328*** -0.502*** -0.169*** 

 (0.0378) (0.0591) (0.0482) (0.0377) (0.0589) (0.0481) 

Observations 54210 26177 28033 54210 26177 28033 

Number of individuals 10397 5088 5309 10397 5088 5309 

R-squared 0.005 0.011 0.002 0.006 0.011 0.002 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** significant at 1%. All regressions include individual 

fixed effects. 
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Table A.2: Effects of windfall gains on probability of becoming self-employed (with 

interactions). 

Dependent variable: Self-employed dummy 

 all men women 

 (1) (2) (3) 

windfall dummy -0.0731* -0.0709 -0.0698 

 (0.0374) 

 

(0.0580) (0.0483) 

age 0.0159*** 0.0283*** 0.00510 

 (0.00243) (0.00379) (0.00311) 

interaction of windfall gains with 

age 

0.00465** 0.00449 0.00435* 

(0.00187) (0.00290) (0.00241) 

age^2 -0.000182*** -0.000322*** -6.07e-05 

 (2.91e-05) (4.52e-05) (3.73e-05) 

interaction of windfall gains with 

age^2 

-6.13e-05*** -5.84e-05* -5.82e-05** 

(2.22e-05) 

 

(3.44e-05) (2.87e-05) 

married dummy 0.0201*** 0.0257*** 0.0114* 

 (0.00508) (0.00801) (0.00645) 

interaction of windfall gains with 

married dummy 

0.00361 0.0139* -0.00218 

 (0.00447) 

 

(0.00730) (0.00549) 

children 0-6 in hhold dummy 0.00358 0.00496 0.000725 

 (0.00476) (0.00724) (0.00625) 

interaction of windfall gains with 

children 0-6 dummy 

-0.00653 -0.0161** 0.00311 

(0.00503) (0.00770) (0.00661) 

children 7-15 in hhold dummy 0.00251 0.00485 -0.00122 

 (0.00435) (0.00678) (0.00558) 

interaction of windfall gains with 

children 7-15 dummy 

-0.00808* -0.0149** -0.000610 

(0.00486) 

 

(0.00758) (0.00625) 

Constant -0.225*** -0.436*** -0.0395 

 (0.0492) (0.0768) (0.0629) 

Observations 54210 26177 28033 

Number of individuals 10397 5088 5309 

R-squared 0.006 0.011 0.002 

Standard errors in parentheses, * significant at 10%; ** significant at 5%; *** 

significant at 1%. All regressions include individual fixed effects. 

 

 



Most Recent Working Paper 
 

 

NIPE WP 
24/2011 

AAggnneelllloo,,LLuuccaa,,    VViittoorr  CCaassttrroo  ee    RRiiccaarrddoo  MM..  SSoouussaa  ““HHooww  DDooeess  FFiissccaall  PPoolliiccyy  RReeaacctt  ttoo  WWeeaalltthh  
CCoommppoossiittiioonn  aanndd  AAsssseett  PPrriicceess??  ””,, 22001111

NIPE WP 
23/2011 

SSiillvvaa,,  HHéélliiaa,,  LLiinnddaa  VVeeiiggaa  ee  MMiigguueell  PPoorrtteellaa  ““SSttrraatteeggiicc  IInntteerraaccttiioonn  iinn  LLooccaall  FFiissccaall  PPoolliiccyy::  
EEvviiddeennccee  ffrroomm  PPoorrttuugguueessee  MMuunniicciippaalliittiieess””,, 22001111 

NIPE WP 
22/2011 

SSoouussaa,,  RRiiccaarrddoo  MM..,,  ““WWeeaalltthh,,  LLaabboouurr  IInnccoommee,,  SSttoocckk  RReettuurrnnss  aanndd  GGoovveerrnnmmeenntt  BBoonndd  YYiieellddss,,  aanndd  
FFiinnaanncciiaall  SSttrreessss  iinn tthhee  EEuurroo  AArreeaa””,, 22001111 

NIPE WP 
21/2011 

SSoouussaa,,  JJooããoo ee  RRiiccaarrddoo  MM..  SSoouussaa,,  ““AAsssseett  RReettuurrnnss  UUnnddeerr  MMooddeell  UUnncceerrttaaiinnttyy::  EEvviiddeennccee  ffrroomm  tthhee  
eeuurroo  aarreeaa,,  tthhee  UU..KK.. aanndd  tthhee  UU..SS..  ””,, 22001111 

NIPE WP 
20/2011 

SSiillaa,,  UU ee  RRiiccaarrddoo  MM..  SSoouussaa,,  ““DDoo  WWiinnddffaallll  GGaaiinnss  AAffffeecctt  LLaabboouurr  SSuuppppllyy??  EEvviiddeennccee  ffrroomm  tthhee  
EEuurrooppeeaann  HHoouusseehhoolldd  PPaanneell  ””,,  22001111 

NIPE WP 
19/2011 

JJaawwaaddii,,  FF..,,  SSuusshhaannttaa  KK..  MMaalllliicckk ee  RRiiccaarrddoo  MM..  SSoouussaa,,  ““FFiissccaall  PPoolliiccyy  iinn  tthhee  BBRRIICCss””,,  22001111 

NIPE WP 
18/2011 

JJaawwaaddii,,  FF..,,  SSuusshhaannttaa  KK..  MMaalllliicckk ee  RRiiccaarrddoo  MM..  SSoouussaa,,  ““MMoonneettaarryy  PPoolliiccyy  RRuulleess  iinn  tthhee  BBRRIICCSS::  
HHooww  IImmppoorrttaanntt  iiss NNoonnlliinneeaarriittyy??””,, 22001111 

NIPE WP 
17/2011 

MMaaggaallhhããeess,,  PPeeddrroo  CC..,,  LLuuííss  AAgguuiiaarr--CCoonnrraarriiaa  ee  MMiicchhaaeell  SS..  LLeewwiiss--BBeecckk,,  ““FFoorreeccaassttiinngg  SSppaanniisshh  
EElleeccttiioonnss””,,  22001111  

NIPE WP 
16/2011 

AAgguuiiaarr--CCoonnrraarriiaa,,  LLuuííss  ee  MMaarriiaa  JJooaannaa  SSooaarreess,,  ““TThhee  CCoonnttiinnuuoouuss  WWaavveelleett  TTrraannssffoorrmm::  AA  
PPrriimmeerr””,,  22001111  

NIPE WP 
15/2011 

AAmmaaddoo,,  CCrriissttiinnaa  ee  TTiimmoo  TTeerräässvviirrttaa,,  ““CCoonnddiittiioonnaall  CCoorrrreellaattiioonn  MMooddeellss  ooff  AAuuttoorreeggrreessssiivvee  
CCoonnddiittiioonnaall  HHeetteerroosskkeeddaassttiicciittyy  wwiitthh NNoonnssttaattiioonnaarryy GGAARRCCHH EEqquuaattiioonnss””,,  22001111  

NIPE WP 
14/2011 

SSiicciilliiaannii,,  LLuuiiggii,,  OOdddd  RRuunnee  SSttrraauummee  ee  RRoobbeerrttoo  CCeelllliinnii,,  ““QQuuaalliittyy  ccoommppeettiittiioonn  wwiitthh  mmoottiivvaatteedd  
pprroovviiddeerrss  aanndd  sslluuggggiisshh  ddeemmaanndd””,, 22001111 

NIPE WP 
13/2011 

CCaassttrroo,,  VVííttoorr,,  ““TThhee  PPoorrttuugguueessee  SSttoocckk  MMaarrkkeett  CCyyccllee::  CChhrroonnoollooggyy  aanndd  DDuurraattiioonn  DDeeppeennddeennccee””,,  
22001111  

NIPE WP 
12/2011 

Mallick, Sushanta K. e Ricardo M. Sousa “The real effects of financial stress in the Euro zone”, 
2011 

NIPE WP 
11/2011 

Castro, Vítor, "The Portuguese Business Cycle: Chronology and Duration ", 2011 

NIPE WP 
10/2011 

AAgguuiiaarr--CCoonnrraarriiaa,,  LLuuííss,,  ee  YYii  WWeenn,,    ""OPEC´s Oil Exporting Strategy and Macroeconomic 
(In)Stability"",,  22001111 

NIPE WP 
09/2011 

Afonso, António e Ricardo M. Sousa, “Consumption, Wealth, Stock and Government 
Bond Returns: International Evidence”, 2011 

NIPE WP 
08/2011 

Esteves, Rosa Branca e Joana Resende, “Competitive Targeted Advertising with Price 
Discrimination”, 2011 

NIPE WP 
07/2011 

Bastos, Paulo, Natália P. Monteiro e Odd Rune Straume “The effect of private versus public 
ownership on labour earnings”, 2011 

NIPE WP 
06/2011 

Castro, Vítor e Rodrigo Martins, "Mayors’ Reelection Choice and the Economy: Evidence 
from Portugal", 2011 

NIPE WP 
05/2011 

Brekke, Kurt R. Luigi Siciliani e Odd Rune Straume, "Quality competition with profit 
constraints: Do non-profit firms provide higher quality than for-profit firms?", 2011 

NIPE WP 
04/2011 

BBaalleeiirraass,,  RRuuii  NNuunnoo  ““CCoolllleeccttiivvee  eeffffiicciieennccyy  ssttrraatteeggiieess::  aa  ppoolliiccyy  iinnssttrruummeenntt  ffoorr  tthhee  ccoommppeettiittiivveenneessss  
ooff  llooww--ddeennssiittyy  tteerrrriittoorriieess””,,  22001111�

NIPE WP 
03/2011 

MMaacchhaaddoo,,  CC..  SSooffiiaa,,  MMiigguueell  PPoorrtteellaa  ““AAggee  aanndd  ooppppoorrttuunniittiieess  ffoorr  pprroommoottiioonn””,,  22001111  

NIPE WP 
02/2011 

MMaacchhaaddoo,,  CC..  SSooffiiaa,,  MMiigguueell  PPoorrtteellaa  ““  HHoouurrss  ooff  wwoorrkk  aanndd  rreettiirreemmeenntt  bbeehhaavviioorr””,,  22001111  

NIPE WP 
01/2011 

AAmmaaddoo,,  CCrriissttiinnaa,,  TTiimmoo  TTeerräässvviirrttaa  ""MMooddeelllliinngg  VVoollaattiilliittyy  bbyy  VVaarriiaannccee  DDeeccoommppoossiittiioonn"",,  22001111  

NIPE WP 
37/2010 

AAgguuiiaarr--CCoonnrraarriiaa,,  LLuuííss,,  Fernando  AAlleexxaannddrree  ee  MMaannuueell  CCoorrrreeiiaa  ddee  PPiinnhhoo,,  ""OO  eeuurroo  ee  oo  
ccrreesscciimmeennttoo  ddaa  eeccoonnoommiiaa  ppoorrttuugguueessaa:: uummaa aannáálliissee ccoonnttrraaffaaccttuuaall"",, 22001100  

NIPE WP 
36/2010 

AAgguuiiaarr--CCoonnrraarriiaa,,  LLuuííss,,  ee  MMaarriiaa  JJooaannaa  SSooaarreess,,    ""BBuussiinneessss  CCyyccllee  SSyynncchhrroonniizzaattiioonn  aanndd  tthhee  EEuurroo::  
aa  WWaavveelleett  AAnnaallyyssiiss"",,  22001100  


